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Experiment Setup

Model:
AdEx neuron on BrainScaleS-2

Input:
Step current: 1000 µs

1
Output:

1

analog neuron circuits
adaptive exponential integrate-and-fire neuron model:

Cm
dVm(t)

dt = gL · (VL − Vm(t))

+ gL∆T exp
(Vm(t) − VT

∆T

)
+ Isyn(t) + I(t) − w(t),

τw
dw(t)

dt = a (Vm(t) − VL) − w(t),

Vm crosses Vth:

Vm → Vr

w → w + b.
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parameters are controlled by a DAC with 10 bit resolution

Figure adapted from S. Billaudelle et al., presented at the 2022 29th IEEE International Conference on Electronics,
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Amortized Inference

Different Target Observations
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Predictive Posterior Check
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